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Abstract :

Rapid growth of deep learning technology brings various opportunities for accurate and

fast inference models. Recently, new neural operations and algorithms appear for better chances

so that FPGAs become popular for time-to-market. There are tons of FPGA chips available and

they all have different specifications and configurations. A design implemented by HLS can fit

very well with one FPGA product but cannot be synthesized for others or cannot utilize enough

resources in the chips. In this paper, we introduce Multi—-EVTA which consists multiple EVTA, an

HLS based hardware of deep

learning accelerator.

As a result, we improve the hardware

resource utilization by 250% and the performance of ResNetl8v1l by 100% on ZCU102 board.
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X 1. XilinxA}F Artix UltraScale+ FPGA #|3%& ¥
A9l v 5

Table 1. Comparison of resources for different
Xilinx's Artix UltraScale+ FPGA products
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Table 2. Comparison of resources utilization
for Single EVTA and Quad EVTA

Single EVTA(%) |Quad EVTA(%)

Flip-Flops 8 51
LUTs 11 54
BRAM 15 39

3 3. Single EVTA®} Quad EVTA9 Resnetl8
A

Table 3. Comparison of Resnetl8’s throughput
for Single EVTA and Quad EVTA

Single EVTA Quad EVTA

I
mases per 11.4 22.9
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