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Abstract: A variety of convolutional neural networks(CNNs)-based applications ranging from

computer vision to neutral language processing has been rapidly evolved. However, the demand
for high computation is a hurdle to adopt CNNs in embedded systems due to their limited
resources. To afford costly CNNs on embedded systems, accelerating them is gaining attention.

Operator fusion that reduces off-chip memory accesses is one of the dominant approaches to

accelerate the inference of CNNs. In

this paper, we

investigate performance gains by

target—independent operator fusion based on the Glow compiler. As a result, the operator fusion

that batch normalization operators are directly merged to their preceding convolution operators
leads to latency improvements of 14%, 11%, and 9% in MobileNet, ResNet152, and ResNetl8,

respectively.
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