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3x3x4 =36 10 150
4x4x2 =32 12 154
4x4x4 = 64 14 164
6x6x1 =36 22 183
B6X6%x2 =72 24 189
6x6x4 =144 26 202
12x12x1 =144 87 363
12x12x2 = 288 88 374
12x12x4 = 576 92 399
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6x6x4 =144 (4) 26 202 -> 115
Bx6x2 =72 (2) 24 189 -> 116
12x12x2 =288 (2) 88 374 -> 282
12x12x4 = 576 (4) 92 399 —> 298
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